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Ñ
 

 

 

 

 

 

 

 

 · xN  

 

 

 

 

 

 

 

 + b
Ñ
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 Fig. 1. The structure of DSWAN.
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 Fig. 2. Training and testing accuracy for the basic SWAN algorithm.

 

 

 

 

 

 

 

 

  

 

 

 

 

 

 

 

  

 

 

 

 

 

 

 

  

 

 

 

 

 

 

 

  

 

 

 

 

 

 

 

  

 

 

 

 

 

 

 

 Fig. 3. Accuracy of DSWAN in terms of λ n .
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